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Two Lenses on Strategic Choice 
Integrating Decision Quality and Hypothesis-Driven Approaches for Robust, Efficient Strategy 

 

In my experience, the most expensive strategic mistakes are made quickly and with confidence. A 
team converges on the first credible answer, builds the case for it, and calls the speed 
decisiveness. Sometimes that is right. When it is not, the analysis was rigorous, but the conclusion 
was wrong, because the team built for speed when the decision called for robustness. 

Strategic work needs both. The hypothesis-driven approach supplies the analytical horsepower to 
cut through complexity under time pressure. Decision Quality supplies the structure that keeps 
hidden bias from settling the answer before the work starts. The useful question is not which is 
better, but when each applies, where they pull against each other, and how to combine them so 
the same process delivers speed and robustness. 

• Decision Quality and the hypothesis-driven approach solve different problems. 
Decision Quality governs whether a decision is sound; the hypothesis-driven approach 
drives fast, structured analysis once the question is clear. 

• Each has a characteristic failure. Decision Quality’s is uniform rigor, running the full 
process on a decision that never needed it. The hypothesis-driven approach’s 
characteristic failure is allowing an early hypothesis to become an anchor, so 
contradictory evidence gets discounted. 

• The two are complementary. Decision Quality sets the frame, the alternatives, and the 
trade-offs; the hypothesis-driven approach tests the propositions underlying those 
alternatives. 

• The integration runs in three phases: Decision Quality to diverge (frame, alternatives, 
priorities), hypothesis-driven analysis to test the propositions underlying the 
alternatives, then Decision Quality to reason, decide, and commit. It is a proposed 
integration, argued from the strengths of each approach rather than demonstrated 
against them. 

• Lead with the hypothesis-driven approach when the question is clear and speed 
matters. Lead with Decision Quality when the frame itself is uncertain and the decision 
is hard to reverse. 

• The discipline that makes the hybrid work is testing several hypotheses against each 
other rather than defending a favorite. 



   
 

Page | 2  
 

This paper sets out the foundations of each approach, compares how they handle the same 
choice, marks where they diverge, and describes an integration model that runs hypothesis-driven 
analysis inside the Decision Quality structure. The aim is to let a team pick the right tool for the 
decision in front of it, and to use both when the stakes justify it. 

 

Decision Quality: The Operating System for High-Stakes Choices 

The theory in brief (why process predicts outcomes) 

Decision Quality judges a decision by its quality at the moment it is made, not by how it turns out.1 
A sound choice can be punished by bad luck and a poor one rewarded by good, so it is the process, 
not the result, that can be inspected while the decision is still open. Dean and Sharfman found that 
more disciplined decision processes were associated with more effective strategic decisions, 
while political behavior was associated with lower effectiveness.2 

Decision Quality sets six links a decision has to clear: an appropriate frame, creative and feasible 
alternatives, relevant and reliable information, clear priorities and trade-offs, sound reasoning, and 
commitment to action. The quality of the decision is set by its weakest link, so a strong analysis 
settles nothing if the team is solving the wrong problem or choosing among the wrong options.1 The 
structure is the discipline. It is the working answer to what Simon called bounded rationality, the 
standing limit that time, attention, and information are always scarce, so people satisfice and stop 
at the first option that clears the bar.3 Simon’s own response was procedural rationality: when the 
best choice cannot be reasoned out directly, a sound method gets close.4 

The critical pitfall: uniform rigor 

Decision Quality’s structure carries a cost when it is applied without judgment. Treating every link 
as deserving the same depth, whatever rides on the decision, turns a framework meant to speed 
decisions into one that slows them. Decision Quality’s own answer is to match the rigor to the 
stakes and to how reversible the choice is, running the full sequence on a high-stakes, hard-to-
reverse call and a light pass on a reversible bet.1 Teams under pressure to look thorough often skip 
that step and run the whole apparatus on a call that never needed it. 

The cost shows up in three ways. Commitment to action gets read as a demand for unanimous 
consensus, and alignment turns into endless consultation. Alternative generation runs without a 
stopping rule, and the team keeps producing options that add noise rather than genuine choice. 
And information gathering conflates sufficient with comprehensive, so the team funds another 
analysis that trims uncertainty at the margin while the time goes. None of these is a flaw in the 
framework. Each is what happens when the framework is run at full depth on a decision that did not 
warrant it. Where the stakes are lower and the question is already clear, a different tool fits better. 
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Hypothesis-Driven Approach 

The theory in brief (why focus demands structure) 

The hypothesis-driven approach is best understood as a family of related practices rather than a 
single formal method. In management consulting, Rasiel and, more recently, Conn and McLean 
describe an approach that begins with an initial view of the answer, breaks the problem into 
testable components, and focuses analysis on the questions most likely to change the conclusion. 
It then revises the hypothesis as evidence accumulates.5,6 The aim is not to analyze everything but 
to point scarce analytical effort at the evidence that matters most. 

The logic has deeper roots in research on hypothesis testing. Platt’s concept of strong inference 
argues for developing multiple plausible hypotheses and designing tests that discriminate among 
them rather than accumulating evidence for a single favored explanation.7 Klayman and Ha 
similarly show that testing a hypothesis is not inherently biased simply because the test looks for 
evidence expected if the hypothesis is true. What matters is whether the test can actually 
distinguish one explanation from the competing explanations.8 

A weak hypothesis-driven process asks, What evidence supports our initial answer? A stronger one 
asks, What would have to be true for this answer to hold, what competing explanations remain 
plausible, and what evidence would distinguish among them? Used this way, a hypothesis gives 
focus without becoming the conclusion, and it is changed or dropped when the evidence points 
elsewhere. 

For strategic decisions, this is both the approach’s strength and its limit. Once the decision 
question and the alternatives are reasonably clear, hypothesis-driven analysis can concentrate 
effort on the few propositions that would determine whether an option succeeds. However, when 
the frame itself is uncertain, or when materially different strategic alternatives have not yet been 
surfaced, focused hypothesis testing can begin too early. The skill is knowing when to introduce 
hypothesis-driven analysis and which propositions underlying the alternatives to test. 

 

Disaggregation 

Conn and McLean call disaggregation the most important step in problem-solving: breaking a 
vague challenge into testable parts along its natural fault lines.6 The MECE principle provides the 
discipline. Each branch captures a distinct part of the problem, and together the branches aim to 
cover it without overlap or major gaps.9 The payoff is focus. Rather than analyze everything, the 
team identifies the few questions most likely to change the answer and directs its effort there.6 
Hypotheses then help determine what evidence to gather and which tests to run. 
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The critical pitfall: when the hypothesis becomes the answer 

The same focus that makes hypothesis-driven analysis efficient can also create a problem. Conn 
and McLean explicitly call for testing and iteration, and Klayman and Ha show that looking for 
evidence consistent with a hypothesis is not necessarily biased, provided the test can distinguish 
that hypothesis from competing explanations.6,8 The problem begins when the initial hypothesis 
becomes a position to defend rather than a working view to test. Motivated reasoning and 
confirmation bias then make supporting evidence easier to accept and contradictory evidence 
easier to explain away.10,11 Under time pressure, this can lead to early closure: the team settles on 
the first plausible explanation and stops looking seriously at the alternatives.12 

Consider a team investigating declining profits. If it locks onto pricing pressure as the explanation, 
the analysis may quickly center on price elasticity and margin. But if the real problem is in the 
supply chain, the team can do rigorous analysis and still reach the wrong conclusion. The work is 
fast and the logic looks clean, but the recommendation fails because the premise was wrong. 

 

The Core Tension: Divergence vs. Convergence 

The main difference between the two approaches is when they narrow the focus. 

Decision Quality diverges before it converges. It requires a sound frame and real alternatives 
before committing substantial analytical effort to evaluating an option. This forces a team to 
consider genuinely different courses of action before becoming attached to one. That directly 
counters what Nutt found in his study of organizational decisions: failure was associated with 
managers imposing preferred solutions, restricting the search for alternatives, and relying on 
power to drive implementation.13 

The hypothesis-driven approach converges earlier. Once the problem is structured, it prioritizes a 
working hypothesis or hypothesis tree and directs analysis toward testing it, while iterating as 
evidence arrives.6 This is a deliberate trade-off for efficiency: focus the analysis, then revise or pivot 
when the evidence weakens the working explanation.6 The premise is that an informed initial 
hypothesis can focus the analysis more efficiently than examining every possible explanation.5 

This tension resembles March’s distinction between exploration and exploitation: organizations 
must allocate attention between searching for new possibilities and refining what they already 
know.14 DQ emphasizes exploration before commitment; hypothesis-driven analysis accelerates 
focused testing once the search space is defined. 

These approaches can conflict in strategic decisions when several materially different options 
remain in play. For example, if a team begins with the hypothesis “enter China by acquisition” 
before defining the full range of options, it has already excluded alternatives such as staying out or 
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entering through a partnership. That is a failure of timing, not of method: the hypothesis arrived 
before the frame and the alternatives were sufficiently developed. 

The table below sets the two side by side on design intent, cognitive stance, and where each fits. 

Dimension Decision Quality Hypothesis-Driven 

Primary goal Maximize robustness under uncertainty Maximize analytical efficiency under time 
pressure 

Cognitive 
stance 

Diverge first, then converge Prioritize a working hypothesis, test it, 
and revise as evidence accumulates 

Treatment of 
alternatives 

Generate several distinct options up 
front and evaluate them in parallel 

Begin with a prioritized hypothesis or 
hypothesis tree, test it rapidly, and pivot 
as evidence disconfirms its branches. 

Bias 
mitigation 

Structural: force divergence before 
convergence 

Procedural: look for evidence that could 
weaken or overturn the working 
hypothesis 

Best fit Strategic frame-setting where the 
question is uncertain; high-stakes, hard-
to-reverse decisions 

Diagnostic problem-solving where the 
question is clear; time-sensitive tactical 
decisions 

Risk profile Accepts slower speed to reduce the risk 
of a wrong frame or a missed alternative 

Trades breadth for speed; relies on rapid 
tests and pivots to correct an initial miss 

 

The Integration Model 

What follows is a proposed integration rather than a validated one: the logic rests on the 
established strengths of each approach, but the claim that nesting them outperforms either alone 
is a hypothesis about process, not yet a tested result. The most useful application is not to choose 
between them but to nest one inside the other. Run Decision Quality as the governing structure and 
deploy hypothesis-driven analysis as the engine inside particular links. The structure supplies the 
robustness; the engine supplies the speed. 

Phase 1 — Diverge Phase 2 — Test Phase 3 — Integrate 

DQ: frame, alternatives, 
priorities 

HDA + ACH: competing 
hypotheses, decisive tests 

DQ: reason, choose, commit 
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Phase 1: diverge, using Decision Quality to frame and generate alternatives 

Start with Decision Quality’s first, second, and fourth links: frame the decision, put three to five 
materially different alternatives on the table, and set the provisional priorities and trade-offs that 
will govern the choice. This establishes what is being decided, which options are in play, and what 
will matter in choosing among them before any evaluation begins. The investment should be 
modest relative to the analysis that follows; its purpose is to keep the team from optimizing the 
wrong question.1 

Phase 2: test the alternatives, using the hypothesis-driven approach 

For each alternative from Phase 1, identify the few hypotheses that would have to be true for it to 
succeed. Use issue trees, MECE decomposition, and prioritized tests to examine those 
assumptions in parallel. The alternatives are not themselves hypotheses; they are strategic options 
supported by propositions about customers, economics, capabilities, timing, and risk. Comparing 
those propositions across several live alternatives preserves the focus of hypothesis-driven 
analysis without locking the team onto one answer too early. 

One way to operationalize this is a light version of Heuer’s Analysis of Competing Hypotheses 
(ACH): list the current hypotheses, compare the evidence against each one, looking first for what 
does not fit rather than counting supporting evidence.15 ACH was developed for intelligence 
analysis rather than corporate strategy, but its logic fits this phase because it stops the team from 
locking onto one explanation too early. For each option, ask: 

• What has to be true for this option to succeed? 
• What evidence would support or weaken that proposition? 
• Which evidence actually distinguishes this hypothesis from the others? 

Test the make-or-break assumptions first, so the team can drop weak alternatives before investing 
in detailed analysis. Start with the simplest credible evidence—base rates, summary statistics, 
heuristics, and order-of-magnitude estimates—and deepen the work only where more analysis 
could change the choice.6 Give every alternative a comparable initial screen and explicit kill 
criteria, then direct further effort toward the uncertainties most likely to change the decision. 

This phase generates much of the decision-relevant information required by Decision Quality’s 
third link. The evidence must still meet DQ standards for reliability, corroboration, calibrated 
ranges, and outside-view comparison. Stop when another round of analysis is unlikely to improve 
the decision enough to justify its cost or delay and carry the remaining uncertainty explicitly into 
Phase 3. 
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Phase 3: integrate, using Decision Quality to reason, decide, and commit 

Return to Decision Quality for the last links. Convert the provisional guardrails from Phase 1 into 
explicit decision rules, weights or thresholds, and state the trade-off in a sentence. Then use sound 
reasoning to compare the alternatives on a common basis, and secure genuine commitment from 
the people who have to execute. 

 

Choosing Your Approach 

The hybrid fits complex strategic decisions, but many decisions do not need both approaches. 
Match the lead approach to the problem. 

When to lead with the hypothesis-driven approach 

Lead with the hypothesis-driven approach when the question is well-structured and diagnostic, 
such as why sales fell or what is causing a bottleneck. Three features make it the right tool. The 
frame is stable, so the team knows what problem it is trying to solve. Time matters. And the 
problem can be broken into testable parts.6 

Take a plant facing a sudden spike in defects. The problem is clear and every day of downtime 
costs money. The team might break the problem into materials, process, equipment, and people; 
form an initial hypothesis based on when the defects began; and test it against evidence such as 
calibration logs, production data, and operator interviews. This is where the hypothesis-driven 
approach is at its best: it focuses the analysis quickly while allowing the team to change course 
when the evidence does not fit. 

The first hypothesis may be wrong, but rapid testing limits the cost of pursuing it for too long. Where 
delay is costly and mistakes can be corrected quickly, that trade-off makes sense. The discipline is 
to actively look for evidence that could weaken or overturn the working hypothesis, rather than 
simply collecting evidence that supports it.10,11 

When to lead with Decision Quality 

Lead with Decision Quality when the frame itself is uncertain, when the team is not yet sure what it 
is deciding or why it matters. The problem may be ill structured, different stakeholders may define 
success differently, and the decision may be strategic and difficult to reverse.1,16 

A company considering international expansion might initially frame the question as whether to 
enter China. Decision Quality forces the team to question and clarify the frame. Is the real issue 
geography, or which customers to serve? Is the objective growth, positioning, or diversification? Is 
the decision whether to enter, or when and how? 
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Skip that work and a hypothesis-driven team will build careful analysis around the wrong 
question.¹⁶ Decision Quality also widens the option set. Instead of treating the choice as simply 
enter or stay out, the team might consider a joint venture, acquisition, licensing arrangement, or 
serving similar customers from existing markets. Each is a materially different strategic path with 
its own risks and economics.¹⁷ 

The table below turns this into a quick check on which approach to lead with. 

Decision 
characteristic 

Lead with the hypothesis-driven 
approach 

Lead with Decision Quality (or 
hybrid) 

Problem structure Well-defined, diagnostic or analytical 
question 

Ambiguous question or frame; 
strategic or exploratory 

Time pressure High urgency where errors are 
reversible and feedback is rapid 

Any urgency where a wrong frame or 
irreversible commitment carries 
major consequences; scale the DQ 
pass to the available time 

Reversibility Easily reversed; low switching costs Hard to reverse; high switching 
costs 

Stakeholders Single decision-maker or aligned 
team; clear authority 

Multiple stakeholders with 
conflicting objectives 

Uncertainty Mostly reducible by focused analysis, 
with a clear question to aim it at 

Deep or mixed uncertainty, where 
the part that carries the risk resists 
analysis and needs probabilistic 
reasoning and framing 

Alternatives Option set relatively clear Option space undefined; needs 
divergent exploration 

Example decisions Root-cause analysis; operational 
troubleshooting; pricing optimization; 
process improvement 

Market entry; mergers and 
acquisitions; major capital 
allocation; business-model change 
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Generative AI as scaffold (not substitute) 

Generative AI can accelerate the hybrid approach. It can help teams clarify the frame, 
generate more options, build issue trees, develop competing hypotheses, suggest 
discriminating tests, and synthesize evidence across alternatives. But speed only helps 
when the model is being used on work it can handle well. In a field experiment with 758 
management consultants, Dell’Acqua and colleagues found that AI improved speed and 
quality on tasks within the model’s capabilities, but reduced accuracy on a more complex 
task outside them.18 

Use AI to widen and structure the analysis, not to make the judgment. A simple guardrail is 
to separate generation from judgment. Ask the model for several competing hypotheses 
and the evidence that would weaken each one, then verify the evidence that matters 
independently. The trade-offs and the final call stay with the decision owner. 

 

Bottom line 

Decision Quality and hypothesis-driven analysis can work as one system rather than as competing 
doctrines. Decision Quality is the governing structure that frames the decision, surfaces real 
alternatives, and makes the trade-offs explicit. The hypothesis-driven approach is the engine that 
tests the propositions underlying those alternatives with speed and discipline. A team that works 
this way diverges before it converges, tests several hypotheses instead of defending one, and 
commits only when the evidence and the values line up. In my experience, the teams that get this 
right hold several hypotheses in play rather than defending the first, and it is the structure around 
the speed that makes the speed safe. 
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